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Abstract
Purpose – This study aims to compare online review characteristics, review length and review sentiment
score between “organic” and “regular” food products. In addition, variations in the consumer sentiment scores
across the review lengths are studied.
Design/methodology/approach – This study fits into the descriptive research design. From Amazon’s
website, the consumer product reviews are scrapped. Using the text analytical package “sentiment” in R-
Studio, we computed the sentiment scores and counted the number of words in each review. The mean
sentiment scores and mean review length are compared for regular and organic products using one-way
ANOVA. Sentiment score variation across review length and product class is studied through factorial
ANOVA. Sample reviews of ghee and honey are used to test the hypotheses.
Findings – The review length shows a significant difference between the regular and organic products. The
mean number of words in the regular products reviews is significantly lower than the mean number of words
in the organic product reviews. The regular products’ mean sentiment score is significantly lower than the
mean sentiment score of organic products. The mean sentiment scores are not consistent between ghee and
honey. Sentiment scores are better for organic honey and regular ghee products. For regular ghee products,
longer reviews result in lower sentiment scores. For regular and organic versions of honey, longer reviews are
associated with better sentiment scores.
Research limitations/implications – This study did not include the helpfulness of a review and the
demographic data of the reviewers.
Practical implications – Sentiment scores’ variations across the regular and organic and product
categories such as ghee and honey give a comprehensive feedback to the firms. It also indirectly
communicates a brand’s evaluation by the consumers and the performance feedback for an upward extension
like the organic category.
Social implications – Studies on organic category give feedback for environment-friendly products and
consumer attitude shift towards safer products.
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Originality/value – Very limited studies have reported the upward line extensions. The authors study the
upward line extension organic and associated sentiment scores variation. The role of review length and its
systematic influence on the sentiment scores, variations in the review due to the product nature (organic/
regular) are unique contributions of this study.

Keywords Organic, eWOM, Sentiment analysis, Grocery, Review length

Paper type Research paper

Organic consumer products are relatively a new category to the Indian context. Organic
products are gaining their market shares in beverages, honey and food ingredients like ghee,
dal and spices. These products are promoted with the catchy organic label, showing faster
consumer acceptance. A joint report by the Association of Indian Chambers of Commerce
(ASSOCHAM) and Ernst and Young have estimated that the organic market will have a
cumulative aggregate growth rate (CAGR) of 25% and reach INR100bn by this year 2020.
Many companies position organic products in the premium category and price them higher
than the regular products.

The academic and marketing researcher address various changes in green and organic product
purchase and consumption behaviour. A study result shows that the attitude is a lesser significant
influencing factor on the environment than the knowledge component (Martin and Simintiras,
1995). The green consciousness, growing concern about a healthy lifestyle, self-realisation are the
drivers of success of the organic products (Chan, 2001). In addition, apprehension for animal
welfare, willingness to support local economy, nutritional value and ecological consciousness are
encouraging organic product consumption (Laroche et al., 2001). Premium price, poor distribution
and low awareness about the certifying agencies by the consumers and poor marketing efforts are
few concerns for themarketing of organic products.

Green or organic product consumers have different motives and consumption behaviour.
The firms should also check the feasibility of entering the green market segments and serve
them effectively (Sharma et al., 2013). While promoting organic products, the marketers
should emphasise environmental aspects and environment-friendly characteristics of these
products (Eneizan et al., 2019).

The surge in the use of smartphone and online platforms to share the views has brought
out the challenges in managing the electronic word-of-mouth communications of consumers.
Studies on social media behaviour of consumers prove that there is a shift in the information
search behaviour and purchase process (Sturiale and Scuderi, 2013). During the purchase
stage, people see comments of others on social media and decide their choices (Naz, 2015). A
brand’s participation and feedback on the social media or product review sites will have
both positive and negative effect on the purchase decision (Jalilvand et al., 2011).

Studies on online reviews are bringing out various dimensions of consumer behaviour
and the relationship between variables. The length of a review and valence of the textual
component affect the ratings given by the consumers (Yoon et al., 2019). Helpfulness of the
reviews vary with search and experience goods (Baek et al., 2012).

Rather than attributes, specific attitudes and motives drive the organic product purchase
and consumption behaviour. Such organic product use would result in different consumer
reactions while posting online reviews. Therefore, we expect that message characteristics of
organic products will be different from that of regular products. Specifically, we expect the
sentiment scores and review lengths for organic products will be different from reviews of
regular products.

In this study, we collected product reviews from the online retailer Amazon website. The
consumers consider Amazon website as a trusted and credible source of information.
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Among the product categories, we chose experience goods, and sample reviews are collected
for ghee and honey. From the organic and regular versions of the product reviews, we have
computed the sentiment scores and review length for further analyses. The study result
provides insights for the organic product marketers, to manage the online customer reviews
effectively.

2. Review of earlier studies and hypotheses
Usage of micro-blog sites, product review sites, and social media platforms gives a plethora
of opportunities for the consumers to express their views, feedback and comments about the
products. Managing this electronic word-of-mouth (eWOM) communication has become an
important strategy for many marketers. Sales value is the key reason for the firms to keep
an eye on eWOM (Arbelles et al., 2020). To retain the brand trust, providing timely feedback
on the online platforms is important for the firms (Bhandari and Rodgers, 2018).

Despite their popularity, social media sites are vulnerable to source credibility and
quality. However, the blogs have the ability to normalise the counterarguments created for
the products (Pant et al., 2014). Comparison of social media and shopping site prove that
eWOM information on shopping site is trusted more than social media information. The
shopping sites are rated higher on content quality and source credibility (Erkan and Evans,
2018). These online reviews and product information are helpful to reduce consumer
uncertainty during the purchase process (Sharma et al., 2011) and capable of creating the
patronising effect on retailers as well as nullifying negative information about the retailers
(Chatterjee, 2001).

Marketing literature classifies products as search and experience goods (Sharma et al.,
2011). Usage of online information sources and other consumer reviews are varying across
experience goods and search products. It is further moderated by the usefulness of the
information sources (Bei et al., 2004). No research studies address the variations in the online
reviews within a category of goods.

Growing text analytics applications are broadening the understanding of the online
reviews through new metrics and help in gaining new insights on the attitude of the
consumers. One such metrics is sentiment analysis. Recent literature documented what is
consumer sentiment (Bali et al., 2016). Sentiment is a feeling, consciousness or thought about
something. Researchers are addressing consumer reactions for products and services from
the online reviews, feedbacks and blogging sites (Lin et al., 2017). Text analytical tools like
word clouds (Miley and Read, 2011), word storms (Castellà and Sutton, 2014) word
extracting algorithms (Barth et al., 2014), methodology to analyse sentiment scores
(Lakshmi et al., 2017) and emojis analysis framework (Li et al., 2018) help the researchers to
explore the online consumer reviews.

The review length, an important message characteristic, has been addressed in the recent
studies. The research work on the review length establishes the relationship with the
content quality (Hu et al., 2008). Later, another research work on review length establishes
its relationship with sentiment scores (Ghasemaghaei et al., 2016). The review length is not
an important factor in predicting the helpfulness of the review (Prakash et al., 2016). This
study addresses an important function of review length. It is proved that review length is a
significant predictor of product performance.

Organic products are considered as the superior version of a regular product, and the
consumers are driven by many unique motives and values to buy organic products. Hence,
we expect organic products reviews may be longer than a regular product review and
proposeH1 on review length and product versions:
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H1. There is a significant difference in the mean number of words in the online reviews
for regular and organic version of products.

To decide the purchase, many customers read at least ten product reviews (Hendrawan et al.,
2017). The sentiment scores for the customer reviews are used in many applications.
Document-level sentiment scores are computed to understand the tone of the author
(Feldman, 2013). Consumer reviews and sentiments in the reviews are influencing the
purchase decision. Sentiment scores are also useful to identify positive and negative
attributes of the products (Kau et al., 2019). Thus, sentiment scores associated with the
review is a proxy for the product performance or consumer satisfaction with the product.

The organic products have many positive features over the regular products. The
organic product purchase is the result of deep thought process, willingness to pay higher
prices and closer evaluation of various product attributes. Thus, we expect organic products
reviews will have better sentiment than its regular version and propose the following
hypothesis,H2:

H2. There is a significant difference in the mean sentiment score of online reviews
between regular and organic versions of products.

The research works have established a relationship between various message
characteristics with review length. Review length is related with content quality (Hu et al.,
2008), star rating (Baek et al., 2012) and product performance (Prakash et al., 2016). Review
length is capable of affecting the helpfulness of the review (Prakash et al., 2016) and
sentiments in the messages (Ghasemaghaei et al., 2016). Thus, we expect the review length
will affect the sentiment scores.

A study on organic product proves that organic product consumption is a reflection of
the values like environment consciousness, risk free products and willingness to pay a
premium (Laroche et al., 2001). When the consumers of organic products give reviews, it
would be different from the other consumers who buy the regular versions. These two
consumer segments will differ in terms of the product evaluation and the post-consumption
behaviour. Sentiment score, being a proxy for consumer satisfaction (Al-Otaibi et al., 2018),
expect to differ between regular and organic product users.

Organic category being positioned as a superior quality version in a premium price range
and the consumers expect to have better sentiment in the review messages than the
messages from the consumers of the regular products. By combining these arguments on
review length and product category, we expect that sentiment scores shall vary with review
length and product versions. Thus, we propose theH3:

H3. There is a significant difference in the mean sentiment score across the product
class and length of the review.

3. Research methodology
3.1 Research design
This research work compares the variations in the online consumers’ reviews between the
regular and organic products, on the review lengths and the sentiment scores of the reviews.
Ghee and honey classified as experience category goods in the marketing literature and
pantry category in Amazon are considered for the study. Both the products have niche
variation – organic, apart from the regular offerings. These organic extensions are unique
and mostly premium priced in the Indian market. Many regional or local brands and few
national or MNCs brands characterise the competition. From the consumer online reviews,

RAMJ
14,2

158



we have collected the review text, given by the reviewers. For each review, we counted the
review length and computed sentiment scores. Therefore, the study, with specific
hypotheses and identified set of variables, fits into a descriptive study (Cooper and Schindler,
2002).

3.2 Sampling size and design
Indian arm of Amazon’s (www.amazon.in) operation provides free samples up to 30–40% of
the reviews available or to a maximum of 3,000 reviews. Applying purposive sampling
method, sample reviews are collected through Google Chrome Scrapper’s Amazon plugin.

Table 1 summarises the detail of samples reviews for ghee and honey and breakup
across regular and organic products. The brand label carries the information of Regular or
Organic. This classification is used as another study variable.

3.3 Study variables
Table 2 contains the brands and classification details across the product category chosen for
analysis. Google Chrome Plugin has pre-specified fields like ID/Name/Text/Date/Header/
rating. We used the review text only in this research. Once, the pre-processing is completed,
the comments are simple plain English. Through another plugin “sentimentr”, for each
review, we have computed the sentiment scores and counted review length. These values are
stored in the respective row and added back to the original data set. Further, the review
length is divided into three categories: Less than 5 words, 6–10 words and More than 10
words. Hence, we used sentiment score, product category (ghee/honey) and product class
(regular/organic) and review length (three categories) as variables in the study.

Table 1.
Classification of
sample reviews

Product
Product classification

Total reviewsRegular Organic

Ghee Count 3,684 1,387 5,071
% of sample 72.6% 27.4%

Honey Count 2,749 1,961 4,710
% of sample 58.4% 41.6%

Total Count 6,433 3,348 9,781
% of sample 65.8% 34.2%

Table 2.
Brands used in the

study

Product Classification Brands

Ghee Regular Nandini Pure Ghee, Nestle Everyday Ghee, Patanjali Cow’ Ghee, GRB
Ghee Organic AMOREARTH, Brij Gwala, Brijmohan, Gau Organic, Gits Pure,

Indicow Organic Dairy, Isha Vasyam A2 Ghee, Shree Radhey Gir Cow
ghee, Trihoot Cow Ghee, Umanac Organic, Vanalaya Organic

Honey Regular Al Qusai, Dabur Honey, DYU Honey, Forever Living Products, Honey
and Spice Wild Honey, Zandu Pure Honey

Honey Organic Bare Elixir Organic, DADEV Organic, First Bud Organics, Hi Honey,
INDIGENOUS HONEY, Organic India, VANTATTVA, Wnature
Organic
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3.4 Pre-processing the data
We used R-Studio and plugins like tm, wordcloud, wordcloud2 and the command “gsub” to
pre-process the text data. In line with earlier studies, review texts are treated for data
cleaning process (Al-Otaibi et al., 2018; Gaikar and Marakarkandy, 2015). This process
includes removal of punctuations/special characters/numbers/symbols to lower-casing the
words, removal of stem words and blank spaces. Then for each review, sentiment score is
computed by the package sentimentr (Table 3).

It is a well-known fact that www.amazon.in gives the flexibility of filling the customer
reviews, where, all the fields are not mandatorily to be filled by the reviewers. Hence, in some
places, the sample sizes would be varying from the total reviews collected. Moreover, sentiment
scores are not computed for incomplete reviews, single-letter reviews, numbers/symbol/emoji
alone reviews and reviews in other languages. This issue resulted in different sample sizes than
the total sample size collected. In the next section, we summarise the analysis of the data using
ANOVA and factorial ANOVA.

4. Results
4.1 Results on number of words in the review
To compare the mean review length between the regular and organic products, one-way
ANOVA is used with review length as dependent variable and product class as a factor
variable. The mean number of words in the reviews are significantly higher for organic than
regular versions of ghee and honey. These results support H1. Thus, it is evident that
organic is a niche category and attracted more number of words in the reviews than the
regular products (Table 4).

4.2 Results on sentiment scores in the review
To find the variations in the mean sentiment scores of the reviews, one-way ANOVA is
performed with the sentiment scores as the dependent variable and product class as the
factor variable. The results confirm that there is a significant difference in the mean
sentiment scores of regular and organic versions of ghee and honey products, and these
findings support H2. For ghee, the regular products get a better mean sentiment score than

Table 3.
Sample size across
review length

Review length Ghee Honey

Less than 5 words 3,286 2,568
6–10 words 838 771
More than 10 words 928 1,358
Total 5,052 4,697

Table 4.
Variations in review
length

Product Sample size Mean review length SD F-ratio (significance)

Ghee Regular 3,667 6.1110 9.5993 115.132
(0.000)Organic 1,385 10.3105 17.8271

Total 5,052 7.2623 12.5487
Honey Regular 2,737 6.5543 9.7230 226.548

(0.000)Organic 1,960 13.1740 19.9355
Total 4,697 9.3166 15.2161
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the organic version, whereas the results are reversed for honey. For honey, the organic
products get a better mean sentiment score than the regular products. Table 5 summarises
the results related to sentiment scores for the regular and organic versions of ghee and
honey.

4.3 Results related to sentiment scores across product and review length
To analyse the variations in consumers’ sentiment scores, we used a 2� 3 factorial ANOVA
with sentiment scores as dependent variable and the products versions (two levels: regular
and organic), review lengths (three levels: less than 5 words, 6� 10 words and more than 10
words) as factor variables. The hypothesis (H3) on the sentiment scores vis-à-vis review
length and product version has been supported partially for ghee and fully for honey.

From the factorial ANOVA, no significant difference is found in the mean sentiment
scores of regular and organic ghee products (F = 0.671, significance = 0.413), but mean
sentiment scores are varying significantly across the groups based on review lengths (F =
5.679, significance = 0.003). Significant interaction effect confirms that mean sentiment
scores are varying across product class as well as review lengths (F = 26.762, significance =
0.000) (Tables 6 and 7).

The results for ghee products prove that shorter reviews carry better sentiment scores
than longer reviews. However, the interaction effect suggests that, for regular products,
shorter reviews possess better sentiment scores, whereas for organic products, longer
reviews possess better sentiment scores.

Further from the factorial ANOVA results for honey, significant difference is found in the
mean sentiment scores of regular and organic honey products (F = 134.839, significance =
0.000). In addition, the mean sentiment scores are varying significantly across the groups based

Table 5.
Variations in

sentiment scores

Product Sample size Mean sentiment score SD F-ratio (significance)

Ghee Regular 3,684 0.4074 0.3931 9.346
(0.002)Organic 1,387 0.3685 0.4306

Total 5,071 0.3968 0.4040
Honey Regular 2,749 0.5132 0.4289 273.393

(0.000)Organic 1,961 0.7390 0.5048
Total 4,710 0.6072 0.4752

Table 6.
Summary of tests of

between-subjects
effects

Products
Source of variation
for sentiment score F-ratio (significance) Hypothesis result

Ghee Product class 0.671(0.413) H3 is partially
supported for gheeReview word group 5.679(0.003)

Product class *
review word group

26.762(0.000)

Honey Product class 134.839(0.000) H3 is fully supported
for honeyReview word group 158.525(0.000)

Product class *
review word group

20.199(0.000)
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on review lengths (F = 158.525, significance = 0.000). The interaction effect is also significant,
which suggests that the mean sentiment scores are varying across product class as well as
review lengths (F= 20.199, significance = 0.000) (Table 8).

The results related to honey prove that shorter reviews possess lower sentiment scores
than longer reviews. Sentiment scores are lower for regular honey and higher for organic
honey products. A significant interaction effect confirms that for regular as well as organic
honey products, shorter reviews possess lower sentiment scores and longer reviews possess
better sentiment scores, and the sentiment scores are consistently higher for organic than
regular products.

5. Discussion
In this research work, we address why some reviews are longer than other reviews. We have
found out that reviews are longer for the organic ghee and honey. A study on green and
organic product purchase intentions proves that green product awareness and brand image
are positively related to the purchase intentions (Yang, 2017). By drawing insight from the
elaboration likelihood model, we conclude that the consumers of the experience goods
accumulate the product- and the usage-related information. Thus, the consumers’ awareness
about the product is higher, and they have a better experience with the organic products.
These experiences and the augmented organic product knowledge resulted in longer

Table 7.
Sentiment score
variations for ghee

Product classification Review length Mean sentiment score SD No. of reviews

Regular Less than 5 words 0.4503 0.3685 2508
6–10 words 0.3305 0.4105 607
More than 10 words 0.3098 0.4477 552
Total 0.4093 0.3931 3667

Organic Less than 5 words 0.3457 0.4112 778
6–10 words 0.3549 0.4271 231
More than 10 words 0.4260 0.4652 376
Total 0.3691 0.4306 1385

Total Less than 5 words 0.4255 0.3818 3286
6–10 words 0.3372 0.4150 838
More than 10 words 0.3569 0.4582 928
Total 0.3983 0.4041 5052

Table 8.
Sentiment score
variations for honey

Classification Review length Mean SD No. of reviews

Regular Less than 5 words 0.4803 0.3859 1837
6–10 words 0.4911 0.4581 408
More than 10 words 0.6665 0.5140 492
Total 0.5154 0.4285 2737

Organic Less than 5 words 0.5439 0.4019 731
6–10 words 0.6968 0.4689 363
More than 10 words 0.9222 0.5310 866
Total 0.7394 0.5047 1960

Total Less than 5 words 0.4984 0.3915 2568
6–10 words 0.5880 0.4742 771
More than 10 words 0.8296 0.5390 1358
Total 0.6089 0.47480 4697
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sentences to narrate the opinion (Nel and Boshoff, 2019). The marketers of the organic
products shall consider the longer reviews as cues of the consumer acceptance and
performance of the organic products closer to their expectations.

We sought an explanation for some online reviews contain a better sentiment than other
reviews. We have found out that the mean score is lower for the regular version than the
organic version. Marketing efforts like reaching out the consumers through SMS and e-mails
improve the awareness level of organic products (Sturiale and Scuderi, 2013). A study also
ascertains that the consumers are behaving responsible manner with increased concern for
the environment (Fuiyeng and Yazdanifard, 2015). Consumer attitude is a significant factor
for choosing the organic category (Kathuria and Gill, 2013), and there is a gradual shift in the
consumerism and consumption of green products. From the study results, we conclude that
the consumer awareness and justification for choosing the organic product is complemented
by the better product performance, and this resulted in higher sentiment scores for the
organic versions than the regular versions.

Moreover, we have found out that the sentiment scores for ghee is lower than the regular
products, and longer reviews associated with lower sentiment scores. Ghee, an ingredient
and experience good, lends itself for direct evaluation of very few intrinsic cues. Hence, the
consumers felt the lower performance of the product against the expectations. On the other
hand, honey being an experience good often consume directly, and such incidents are limited
for ghee. Thus, the consumers could evaluate the performances of intrinsic cues directly in
honey and articulated through the longer sentences and the longer reviews possess better
sentiment than the shorter reviews.

6. Managerial implications
Social media, blogs, review sites and product sites facilitate consumers’ feedback on
products. The channels are capable influencing upon the consumer decision with a minimal
effort (Subramani and Rajagopalan, 2003). “Word-of-mouse” is also getting equal
importance as word-of-mouth among the habitual internet users. Marketers need to
recognise the role of the internet in the consumer decision process and develop strategies
exclusively for online platforms. In this study, we address two important online review
characteristics: review length and sentiment scores.

6.1 Review length
Depending upon the product type, a reviewer’s information diagnosticity is affected by the
review length (Mudambi and Schuff, 2010). A study result on the review length is
also reported that the longer reviews are often associated with extremely positive or positive
reflections of consumers (Filieri, 2014). In this study, we have found out that the mean
review length of organic versions of ghee and honey is longer than the regular products.
This is a welcoming situation for the organic product marketers. Consumers spent their
time, effort to register the positive feedback. Firms may identify such reviews and
push these reviews to a special class of reviews as “top rated review” or “green review”
category. This will encourage the customers to provide feedbacks with articulation on
product attributes and patronising behaviour for organic versions.

6.2 Sentiment scores
Sentiment analysis becomes a hot area in decision-making process (Hussein, 2018). It is
proved that star rating and review messages are not congruent with each other always
(Baek et al., 2012). To resolve this partial utility of star ratings, the marketers may develop
procedures to show sentiment scores also in the review panel. This will help in breaking the
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stereotyping error, believing organic version is always superior or regular product is inferior
to organic version. At present, the product sites do not provide the sentiment scores for the
product/brand. With the growing computing power and text mining applications, it would
be apt to provide sentiment scores, which would be different from the star ratings given by
the consumers.

7. Conclusion
Online consumer studies, being an emerging domain of research, establish relationships
between message characteristics and consumer characteristics. Satisfactory performance of
organic products and success of organic as a category in the Indian markets are established
from the message characteristics like review length and sentiment scores.

The study findings are in parallel with the theoretical grounding on the elaboration
likelihood model (ELM). Longer reviews associated with organic products are clear
reflections of elaboration likelihood state of consumers, who think about issue-relevant
information and his/her ability, motivation to elaborate the message (Nel and Boshoff, 2019).
Thus, supports from the consumer satisfaction theory and ELM, the study findings
conclude that performance of organic products is up to the expectations of consumers and
consumer’s preparedness to engage in positive eWOM.

The current findings are in line with earlier works, where it is proved that longer reviews
are often associated with better product performances (Ghasemaghaei et al., 2018), and the
sentiment scores may be used as a proxy to measure the satisfaction (Al-Otaibi et al., 2018).

8. Limitations and future research directions
The helpfulness of a review has its own magnitude of affecting the consumer eWOM.
Because of the scope and objectives of the study, helpfulness is not considered in the present
study. There are a growing number of machine learning algorithms on the text mining from
the open sources to proprietary-based ones. These algorithms have their own initial and
boundary settings. The results expect to have minor variations depending upon the
algorithms. In the research, we used traditional algorithms available in the R-Studio plugins.

From the marketing perspective, analysing the data by combining the “cue theory” or
“information search behaviour” could provide further insights on the online consumer
behaviour. Using the product involvement or consumer knowledge or attitude or mood
of the consumers can be value addition from the reviews. Future research works shall
consider the mood of consumers as a variable by analysing the ratio of positive to negative
words in the reviews and develop models on the online consumer behaviour.
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